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Abstract 
Service organizations need to consider regularly changing customer requirements in order to 
continuously adapt the design and control of their services. This enforces an integration of different 
customer information into a service process. However, the existing conceptual approaches do not provide 
adequate decision making capabilities to organize knowledge intensive processes by straightforward 
management approaches. The paper presents therefore a case study about the application of Operational 
Business Intelligence (OpBI) in an insurance company to give practical insights for the management of 
service operations. The results demonstrate that OpBI supports the configuration of a customer tailored 
service provision in favor of an increased service quality and higher process efficiency. The insights 
confirm benefits and advantages regarding to OpBI and knowledge intensive service processes. 
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Introduction 
The interaction of customers and service industry’s companies characterizes the provision of services. 
Differing and regularly changing customer requirements lead to a complexity so that service providers 
need to continuously adapt the design and control of their services. Thereby, the integration and 
consideration of customer information for service decisions is challenging. Customers expect a high 
service quality, while the service provision has to be beneficial in terms of economical key figures from the 
service provider perspective. The business processes and operations of service providers are deterministic 
and repeatable. However, the results are different for changing service contexts and customer situations. 
An important factor is the integration and consideration of internal and external information emerging 
within and flowing into a service provision. This requires a measuring and structuring of different 
information perspectives in a service context in order to facilitate a situational configuration of service 
actions. Therefore, the paper’s goal is to discuss the need and benefits of a dynamic decision support 
strategy, which allows an analysis and control of service processes. This is pursued to configure and 
improve the service provision in dependence of differing customer information. 
The literature of business intelligence (BI) discusses services rather from a technological perspective. BI 
capabilities supporting the decision making are understood, designed, and provided as services (Clavier et 
al., 2012). This is expressed by discussions about cloud computing (Juan-Verdejo and Baars, 2013) as well 
as service oriented architectures (SOA), or web services (Mahmoud et al., 2012). However, decision 
makers need to analyze the business impact of decisions on the efficiency of the service provision and the 
customer perception. This provides capabilities to make decisions and to take actions in terms of affected 
customers, service costs, and potential revenues. In context of an organizational performance 
management, business processes force organizations to make such decisions based on key performance 
indicators at different management levels (Golfarelli et al., 2004). A constitutive element of performance 
management is thereby the operational level, in which BI information are used to monitor, control and 
optimize business processes in favor of strategic performance analyzes by the management (Melchert et 
al., 2004). Marjanovic (2010) takes up this combined consideration of BI and business processes and 
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provides theoretical insights, which address the concept of OpBI by the coincidence of BI and knowledge 
intensive business processes. Thereby, OpBI is able to provide analytical capabilities in order to improve 
the design and execution of such business processes (Hänel and Felden, 2012). Established BI techniques 
are used in a closed loop to analyze the process performance and the status of goal achievement (Davis et 
al., 2009). However, this potential of OpBI is not considered in context of a service provision, yet, in order 
to determine customer tailored service actions. There is a lack of a professional discussion about OpBI in 
order to solve the translucent complexity regarding the integration of different customer information. 
This discussion will gain insights about a decision making to break knowledge intensive processes down 
into manageable facts, which can be handled by straightforward management approaches. This research 
contributes therefore to a dynamic decision making in the field of service provision.  It delivers practical 
insights regarding to the benefits of an OpBI application to jointly analyze service quality and service 
efficiency aspects by an integration and configuration of service actions according to customer 
information.  
The following chapter discusses the interaction of service providers and customers during the service 
provision and points out reasons for a technological focus on services from a BI perspective. The 
exposition of related studies and certain advantages regarding to an application of OpBI in context of 
service provision completes this discussion. The paper adopts a case study approach for a profound 
exploration of reasons and benefits of OpBI in a general agency of a large insurance group. The results 
chapter presents the creation of an operational data model and its application for an OpBI oriented 
decision support to manage insurance operations.  
The understanding of BI and service provision 
Customers and service providers interact and exchange information during the process of service 
provision (Fitzsimmons and Fitzsimmons, 2001). For example, there is an exchange of information in 
banking, in which consultants and clients are in direct contact to customize financial products. From a 
supplier’s perspective customer information has to be considered, so that the customer experiences a high 
service quality (Parasuraman et al., 1985). Thereby, the service provider intends to keep down cost and to 
increase incomes (cf. Figure 1). 
 
Figure 1. Interaction of customers and service providers  
Due to personality and diversity the customer information differ in quantity and quality. This leads to 
complex and multilayered combinations of customer and supplier information. These combinations are 
crucial to structure the service provision. The perceived service quality of a customer depends thereby on 
the performed service actions. Hence, customer information is important for the identification, 
evaluation, and evolution of actions during the process of service provision.  
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BI supports a decision making by integration of internal and external information (Wixom and Watson, 
2010). However, the potential of BI to organize and advance services is not exploited. Silva et al. (2013) 
study a BI support of strategic decisions to analyze business impacts of changes in software engineering. 
Thereby, they take up also the operational issue that the use of BI in service contexts is challenged by an 
identification of relevant data about the service provision and the affected customers (Silva et al., 2013). 
In order to pursue this issue we provide in the following the results of a literature review regarding BI 
approaches in service contexts. 
Status quo of BI and service in academic literature 
We conducted a literature search in the academic data bases of Business Source Complete, IEEE Xplore, 
AIS electronic Library, ACM Digital Library, Emerald and Science Direct, since they allow an access to the 
scientific publications of the top journals according to the MIS journal rankings (AIS, 2014). The search 
terms (business intelligence and service) were entered full and in quotation marks limited to abstract, 
title, or keywords. This widespread, but not overall search leads to 250 publications published between 
1999 and 2014. The number of publications is increasing over time (cf. Figure 2). 
 
Figure 2. Trend of publications 
The publications are analyzed by the text mining software Rapid Miner. We preprocessed abstracts and 
publication titles by a transformation of letters to lower cases as well as a remove of punctuations, 
numbers, URLs, and English language stop words. The data preprocessing was finished by a stemming 
and building of n-grams with a maximum length of four characters. The text mining reveals a word list 
containing 2,177 individual or grouped terms. This word list was scanned for topics regarding to BI and 
service. The corresponding topics were finally categorized in context of application, field of application, 
technical driven, and functional driven topics (cf. Table 1). 
Table 1 indicates a technical focus in the discussion about BI and service. This technical discussion 
includes facets and architecture components of BI. Examples for these architecture components are the 
ETL process and the data warehouse in context of data delivery as well as OLAP and data mining 
concerning data analysis tasks. An illustrative example for the application of data analytics is given by 
Padmanabhan et al. (2011). They demonstrate the benefits of data mining and BI dashboards to predict 
and avoid customer churn in business operations. Additionally, BI capabilities are understood, designed, 
and provided as services (Clavier et al., 2012). This is primarily discussed by cloud computing containing 
approaches to provide BI infrastructures, platforms, and software components as a service. The high term 
and document occurrences for service oriented architectures (SOA) and web services confirm this 
relevance. The intention is a deployment of SOA in BI systems to address flexibility requirements and 
architecture innovations (Dinter and Stroh, 2008).  
The main fields of application are marketing, commerce, and telecommunications. High value added 
services such as financial services, banking or insurance are fewer discussed. Cost and business processes 
are the main topics regarding to the context of application. However, approaches like performance 
management, operational BI, or business process management are only marginally discussed in 
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comparison to the technical topics. There is obviously a gap of functional approaches to support a decision 
making in the mainly discussed application contexts.  
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cost 46 36 cloud computing 57 34 
business process 44 35 data mining 66 30 
innovation 30 16 data warehouse 52 28 
service level 21 15 web service 34 23 
business performance 17 13 OLAP 34 22 
strategic decision 12 12 service oriented architecture 30 19 
supply chain 13 9 ETL 25 16 
business models 13 7 algorithm 13 11 
customer satisfaction 8 5 text analytics 20 11 
social network 13 5 dashboard 16 10 
business value 5 4 data mart 17 9 
performance indicators 5 4 data model 9 8 
social media 10 4 big data 12 6 
churn 11 3 software as a service 16 6 
operational efficiency 4 3 OLTP 7 5 
service quality 5 3 RFID 11 4 
value creation 4 3 complex event processing 4 3 
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marketing 33 25 data visualization 3 3 
commerce 54 23 EAI 3 3 
telecommunications 32 21 service oriented BI 6 3 
transport 20 11 web mining 10 3 
banking 16 11 workload management 7 3 
financial services 15 9 knowledge management 22 12 
fu
n
c
tio
n
a
l d
r
iv
e
n
 
fo
c
u
s
 
purchase 14 9 CRM 25 11 
customer service 10 8 performance management 15 9 
logistics 16 8 operational BI 9 6 
manufacturing 14 7 supply chain management 6 5 
insurance 11 6 business process management 6 4 
healthcare 11 5 change management 3 3 
education 4 3 predictive analytics 5 3 
Table 1. Classification of topics 
Related studies 
This section discusses conceptual approaches in favor of an integration of customer information to 
support an efficient service provision. The related studies were identified by scanning publications 
regarding the functional driven focus classified in Table 1 and a corresponding backward search based on 
these publications. They address the functional focus of performance management as well as the 
coincidence of BI and business process management. 
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Corporate performance management (CPM) is synonymously used for business performance 
management (BPM) and enterprise performance management (Golfarelli et al., 2004). CPM is an 
extension of BI by a performance measurement based on performance indicators. CPM defines 
performance targets on the level of strategic management decisions and compares achieved business 
values to those targets. This comparison is used to evaluate the impact of business decisions on a given 
management strategy. However, this concept does not focus on the creation of process related 
information in order to derive suitable actions to fulfill and improve an efficient service provision. 
Kueng and Krahn (1999) provide experiences about process performance management (PPM) in order to 
analyze the structures of business processes for continuous improvement purposes. The analysis of 
processes happens subsequent to the process execution. Emerging deviations are used to define 
appropriate modifications in process execution. The use of BI in context of PPM was originally not 
designated, but PPM can be understood as a convergence of business process modeling and BI since 
performance indicators are used to improve business processes (Melchert et al., 2004). PPM assumes 
thereby the comparison of to-be business process models to as-is processes. However, this definition of 
to-be models constrains a flexible and customer individual provision of services. 
The debate about PPM indicates potentials of a conceptual merge of BI and business process 
management. There are further process oriented BI approaches capturing this issue. Thereby, business 
process intelligence (BPI) concerns a support of process design and redesign activities for strategic and 
tactical management decisions (Felden et al., 2010). BPI guides rather design strategies for a service 
provision than the identification of operational actions. Bucher and Gericke (2009) discuss a process 
centric business intelligence (PCBI). PCBI focuses on the process execution and integrates BI applications 
within this. Thereby, analytical information is provided in order to support the fulfillment of process 
related tasks. However, this analytical information stem not necessarily from the concerned process. The 
analysis results are not used to identify actions for process improvement or to evaluate the impact of the 
derived actions from a business efficiency perspective. 
The interaction of business processes and analytical information is also a concern of OpBI. OpBI analyzes 
the efficiency of process activities and involves the influencing perspectives into the consideration (Hänel 
and Felden, 2012). This determines the (in)efficiency of actions and opportunities to improve these 
actions. Existing studies of OpBI consider services from a technological and an organizational point of 
view. There are two contributions on the achievement of service level agreements by providing cloud 
based solutions (Seibold et al., 2013; Seibold et al., 2011). Maghrabi et al. (2011) study the usability of 
OpBI for an incremental service innovation from organization’s perspective, i.e. the use of BI to develop 
and provide new services. In context of resource allocation, Kyper et al. (2009) provide a decision tree 
application to support call center operations. This examines the need of OpBI for a measurement and 
controlling of indicators influencing service levels. However, these findings cannot be used to estimate the 
role of OpBI for the configuration or evaluation of actions in service provision.  
Especially the contributions of Marjanovic emphasize the integration potential of OpBI regarding 
knowledge intensive processes in service provision (Marjanovic, 2007) and provide therefore an 
integration framework beyond technological aspects in order to get a holistic view on service decisions 
(Marjanovic, 2009; Marjanovic, 2010). This provides a theoretical basis for the interaction of business 
processes and analytical information about customers. Marjanovic (2010) points out that this basis needs 
to be enriched by the exploration of practical oriented BI applications in service organizations. 
Research method 
The paper follows the principles of case study research according to Yin (2009). We use thereby a single 
case including two embedded units of analysis. The case study approach is chosen according to the future 
work suggestions of Marjanovic (2010) in order to explore experiences about the integration of external 
customer knowledge. We conduct therefore a representative case study concerning the service processes 
of a general agency of a large insurance group. The representative status refers to the circumstance that 
insurance companies typically execute services by a multitude of general agencies performing commonly 
the acquisition of new customers, support of existing customers and claim settlement. There is a 
conceptual and an application phase in the method of this case study (cf. Figure 3).  
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Figure 3. Research method 
The conceptual phase contains an identification of business process activities, the structuring of 
corresponding information perspectives and the definition of control indicators. These research actions 
were guided by semi-structured expert interviews according to Flick (2004). In two separate 1 to 2 hour 
interviews with respectively a senior manager, two sales representatives, and one back office employee, we 
recorded and documented all insurance activities, in which customer information needs to be integrated. 
After this activity identification we conducted a second round of interviews, in which we consulted two 
individual clients and one business client additionally in order to structure the different perspectives 
involved in the business process. The insights of all interviews were consolidated. Together with the 
senior manager, we defined control indicators in context of service quality and process efficiency. We set 
up an operational data model including two analysis contexts for service quality actions and actions to 
sustain or increase business volumes based on the given information. This model was finally discussed 
and consolidated together with the senior manager and the sales representatives.  
During the application phase, the operational data model was used to collect and analyze data for 
different insurance scenarios. The operational data model provided therefore a functional/organizational 
reference in order to assign and integrate the different process perspectives of insurance operations. The 
actual collection and analysis was realized by the existing software and hardware components of the 
insurance agency. The analysis results of the collected data provided input for the derivation of service 
actions regarding to customer liaison and support. The impact and efficiency was evaluated by cost 
comparisons and the personal expertise of the senior manager and the sales representatives. 
Results 
The case study company is a general agency of a large insurance group. The company is a self-contained 
sales partner and distributes insurance products on behalf of the insurance group. The strategic goals for 
exclusive distribution are targeted by the insurance group. These strategic goals concern the expansion of 
profit yielding customer portfolios, the optimization of trading results, and the establishment of excellent 
business processes.  
The activities of the general agency have an operational character to fulfill the strategic goals by efficient 
service actions. They defined the need to conclude insurance contracts for different product lines with 
commercial and individual customers. Certain premium targets must be achieved for each product line. A 
key indicator is the cross-selling ratio, which reflects the ratio of subscribed contracts and supported 
customers. But additionally, the general agency coordinates and supervises insurance claims of their 
customers. 
Three freelancing sales representatives are organized in the case study company, in which one sales 
representative is heading the general agency. He employs one back office staff member. The agency 
supports more than 1,800 customers and achieves a cross-selling ratio of 1.8 contracts per customer. An 
important management issue is the compensation of expiring insurance contracts. This affects the 
beginning of payment periods or the loss of customers. Therefore, the agency needs to increase the cross-
selling rate so that a customer subscribes a couple of long-term insurance contracts. Additionally, the 
sales representatives have to avoid premature dismissals. For that reasons, the general agency needs an IT 
system for a comprehensive consideration and analysis of their customers. The following sections 
demonstrate the conceptualization of such an IT system. 
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Conceptual insights to build an operational data model in an insurance context 
The major concern of the general insurance agency is the interaction of sales representatives, customers, 
and the back office. Customers interact with sales representatives, back office employees, or call center 
agents of the insurance group. This requires a coordination and unification of customer information from 
the general agency’s perspective. It is important to consider diverse requirements and situational aspects 
of the customers in context of product line specific insurance contracts. 
An integration of customer information into the service provision will be possible, if the insurance staff 
comes into contact with their customers. The communication can be initiated from both parties. The 
insurance agency needs the establishment of contacts and the agreement to conversation dates in order to 
maintain existing contracts or to offer new insurance products. Thereby, the integration of customer 
information guides as well the initiation and the conducting of those sales conversations. Customers 
contact the insurance agency in case of informal requests, loss occurrences, or claim settlements. Table 2 
contains typical concerns from insurance agency and from customer perspective in order to structure the 
different information perspectives and in order to define control indicators. 
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Which customer information (core data, 
customer history) are already available? 
How much premium results from a 
customer?  
Which customers have not been consulted, 
yet? 
Were there any appointments with the 
customer before? 
When is the customer on call?  
Why do customers refuse calls for 
conversations? 
What are the appointment costs? 
What will be the potential income of a sales 
conversation? 
What are optimal access paths to new 
customers? 
What is the ratio of initiation to answering 
about an insurance contract? 
Which customer is calling and what are the 
reasons for the call? 
Have there been similar requests? 
Has the customer reported on this matter 
before? 
What information provides the customer? 
Can the insurance agency manage the matter 
for its own or do they need to forward the 
request to the head quarter of the insurance 
group?  
Are there tasks or information, which have to 
be coordinated in context of the customer 
request? 
Does the customer signal problems to pay the 
insurance premiums? 
Does the customer want to cancel an 
insurance contract? 
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What is the reason for the call? 
What are the benefits and the necessary 
premiums for the new product? 
How long is the conversation? 
What information needs to be provided? 
What and how much the insurance will pay? 
How long takes the processing of insurance 
claims? 
Are the cases completed in a timely manner? 
Who is authorized to remedy the damage? 
Table 2. Concerns of insurance agency and their customers 
The customer is interested in the characteristics of insurance products and the nature of handling claims 
and requests. It becomes evident during the interviews that these are significant issues related to the 
perceived service quality. In comparison, the insurance agency has complex issues to measure the 
performance of the service provision and to clearly assign responsibilities. This requires a comprehensive 
and consistent consideration of premiums and economically important cost factors. The control levels 
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encompass thereby customers, insurance contracts, time related scenarios, and sales partners on a 
varying level of detail. Figure 4 demonstrates the relationships to achieve an integrative control in context 
of insurance agency operations. 
 
Figure 4. Operational data model for the insurance agency 
The operational data model is represented by using the ADAPT notation to focus on non-technological 
aspects of the insurance agency. The model combines four functional dimensions, a time dimension, and 
one dimension for control indicators. Time periods and special events play an important role within the 
model to determine reachability aspects of customers. The time related information need to be considered 
together with different scopes of customer information. Insurance scenarios consider the interaction from 
the insurance agency to the customer and vice versa. The dimension sales partner demonstrates the 
contact interfaces of customers to the insurance agency. This illustrates the organizational units, which 
have to integrate and exchange customer information. Thereby, the insurance contracts are the relevant 
sales and maintenance objects. These contracts need to be analyzed on a different level of detail from risk 
up to contract clusters. The control indicators represent measurement parameters for service quality and 
efficiency. The following section describes the application of the operational data model in order to 
configure and evaluate service actions. 
Application scenarios of OpBI in insurance agency operations 
Two different scenarios of the insurance agency exemplify the application of OpBI. The first scenario 
concerns the planning and scheduling of sales conversations. The focus is on an improvement of service 
efficiency respectively an increase of incomes and a decrease of associated costs.  
The agreement of as many sales conversations as possible is determining to sustain and increase the 
business success of the insurance agency. The sales representatives need information for reasons of 
unsuccessful approaches to agree conversation appointments. The dates are agreed by the sale 
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representatives themselves or by back office employees. Time, reasons, and associated expenses will be 
recorded, if an initial approach fails. The reasons can be of different nature, e.g. holidays, illness, 
occupational, or personal circumstances. The information are set in context to an economic classification. 
Such a classification considers the amount of premiums and the number of contracts per customers. This 
leads to determination of customer groups, in which for instance A-class-customers pay high premiums 
and have more than three contracts. The sales representative weights and schedules his appointments on 
this basis. He is able to avoid calls to a customer at inconvenient times, e.g. due to consideration of shift 
work periods. The call can be placed in more convenient situations afterwards. Travel costs will be 
reduced by scheduling appointments in the same regions on the same day. These configurations are not 
obvious due to a high number of customers and the allocation of tasks between sales representatives and 
back office employees. 
The second scenario illustrates the handling of claims. The customer reports damages to central office 
employees, sales representatives, or back office employees of the insurance agency. The damage gets 
recorded and indicated for further handling. If the customer calls the central office of the insurance group, 
the damage information will be forwarded to the insurance agency. During damage recording, it has to be 
clear whether the customer has already reported the damage elsewhere and whether these statements 
coincide. The back office employee creates a claim file and checks the conditions for regulation. 
Depending on the amount of loss or damage, the regulation is carried out by the insurance agency or the 
central office of the insurance group. The agency has to meet deadlines in context of claim file preparation 
and verification. It is important to identify and record reasons for any delays in order to accelerate the 
handling times. The state of reported claims will be monitored and controlled, if the central office 
processes the claim settlement. The insurance agency has to broach the subject in case of delay. If a full 
loss adjustment is not possible (as a result of the claim review), the insurance agency will use the 
economic classification of customers (A-class-customers) for a consideration of goodwill aspects. The 
configuration of service actions in context of claim settlement differs by the type or extent of damage, the 
underlying policy as well as the customer information and behavior. The insurance agency processes more 
than 50 claims per month on average. Thereby, the loss or damage occurrences concentrate within 
different periods of the year (e.g. automobile or personal accidents during winter months). This requires a 
customer specific control to achieve a fast and well-founded claim settlement. 
Both illustrated application scenarios can be abstracted to a closed-loop as it is constituted in Figure 5. 
 
Figure 5. Closed-loop to manage insurance agency operations 
The controlled system is the service provision in an insurance context, which is influenced by customer 
information. The control variables are representing the service quality to meet customer expectations and 
service efficiency from the insurance agency perspective. During the service provision a collection and 
integration of customer information happens for different insurance contexts. The control unit is the 
operational data model. This model allows the combination of customer and agency information in 
consideration of control indicators. This enables the configuration of service actions according to the 
analysis results derived from the operational data model. These service actions have an influence on the 
service provision and an impact on service quality, and service efficiency aspects, too. 
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Discussion of the application scenarios 
The sales representatives experience a better coordination of dates. This is expressed by a decrease of 
costs for initial approaches. The agency could achieve savings of costs and time of about approximately 15 
percent. An essential point in the opinion of the sales representatives is that they attracted their 
customers more efficiently than before. The interviewed customers gave also a positive feedback so that 
the claims were handled to their satisfaction and the handling time could be accelerated. The senior 
manager and the sales representatives agreed that the service actions would not be taken without 
analyzing and processing the customer information by the use of the operational data model. 
However, the derived service actions differ in their effect. The configuration was not always equally 
successful. The insurance agency has initially assumed that the integration of customer information and 
especially the data collection is the main issue in the application phase. This assumption can be reasoned 
by the high amount of information, which needs to be recorded by the back office employee or the sales 
representatives. But, there were less integration points and data collection problems than previously 
thought. It was surprising that inherently consistent and obviously customer-tailored service actions 
remained unsuccessful. Sometimes, the sales representatives have consciously decided against a 
configured service action, because they were able to estimate the customer and his behavior due to their 
wealth of experience. There are obviously cases, in which the customer behaves different to that what is 
derived from the provided information. This points out that an evaluation of customer information is 
beneficial next to integration concerns. 
The senior manager of the insurance agency expects also an increase of global key indicators like the cross 
selling rate and the annual bonus. However, these effects cannot be measured to the rather short period of 
application, yet. The insurance agency posits therefore an application period of at least one year to achieve 
certain effects. 
Conclusion 
OpBI supports the service provision of a general insurance agency in favor of an increased service quality 
and higher process efficiency. It allows the identification of customer-tailored service actions. Due to the 
application of OpBI the customer is reached more efficient. This increases the new business volume by a 
customer specific initiation and service scheduling and customer requests are treated faster and more 
efficient. An interaction between conceptualization and application of OpBI happens. This enables a 
continuous improvement of the process controlling by adaptations of the underlying data model.  
The considered customer information (e.g. reasons for conversation dismissals or statements to claims) in 
the investigated insurance context is thereby not complicated and complex. Complexity arises instead, 
because the information needs to be combined, assigned, and coordinated constantly recurring but in 
changing circumstances. The benefit from the demonstrated case study is that OpBI provides decision 
making capabilities in services through 
• a structuring and a clear assignment of different information perspectives 
• and a facilitation of straightforward management actions, 
• which is guided by a stringent necessity for a critical appraisal of the analysis results 
based on gained experiences. 
The case study consolidates and enhances theoretical considerations regarding OpBI and knowledge 
intensive service processes. This allows a consideration of OpBI beyond a technological point of view. 
Thereby, an issue is investigated, which was not discussed in the scientific literature, yet. For this reason 
this is the first case study allowing a detailed understanding of OpBI’s application in service provision. 
This is relevant for researchers, because it builds up a reference for further applications of OpBI in the 
service industry. Decision makers can learn about opportunities to reduce uncertainties in a customer 
focused and also value oriented service process control. This is thereby only a single case study, which 
provides adaptable results for the insurance industry. Further case studies in different industries are 
beneficial in order to achieve generalizable results for OpBI in customer centric service provision. 
However, the conducted case study represents a typical case in insurance industry with the inherent 
interaction of customers and service providers that characterizes any service provision context. Therefore, 
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especially the conceptual approach elements have a general relevance in order to explain an application of 
OpBI in the provision of services. 
Further research activities should investigate more applications of OpBI. Next to further successful 
applications, cases are of interest, in which the application is impossible or inadequate. This will provide 
knowledge about reasons, preconditions, and basic conditions for a BI oriented decision making in 
business processes of service providers. 
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